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WHY REPO2ROCM? 59/60
repos verified in Mode 1

3.3× vs. 18/60 in Mode 0 (out of the box)

77.3
Portability Fidelity Score

vs. 61.4 for Claude Code · same LLM

18–20 min
GitHub URL → verified GPU

run
zero manual intervention

TAKEAWAY + LINKS

What to remember
For industry teams: a GitHub URL in, a verified AMD-GPU run out (Mode 1) in ≈18–20 min, with zero manual steps.
The edge is evidence-gated migration: no irreversible change and no success claim without runtime proof.
Next: scale Mode 2 from two case studies to full paper-result reproduction.
Every run ships an audit bundle: Dockerfile · source patch · command logs · verification evidence · agent trajectory Code

github.com/Gaurav7888/Repo2ROCm
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Research code accompanying many ML papers is developed
in CUDA-based environments. Reproducing it on AMD ROCm
requires environment repair, kernel migration and runtime
proof that the intended GPU workload is preserved.

1 · THE PROBLEM: “IT RUNS” IS NOT “IT REPRODUCES”

42 of 60 recent research repos fail out of the box (Mode 0)

Tier 1 · Research-code reproducibility
Reconstruct the setup
Stale instructions, dependency conflicts,
version mismatches and outdated APIs.

Recover the intended experiment
Unclear entry points, missing datasets or
checkpoints, and author-specific scripts.

Tier 2 · CUDA to ROCm migration
Choose a compatible ROCm stack
Match containers, frameworks and packages
to the repository and the target AMD GPU.

Port custom CUDA kernels
.cu files and extensions need CUDA-to-HIP
conversion, then build-and-load validation.

Preserve GPU libraries and device logic
Adapt FlashAttention/vLLM builds and
hardware-specific device assumptions.

Reject silent loss of fidelity
Detect CPU fallback, disabled components,
degraded backends and toy-scale workloads.

Not enough: Install, import or device checks. Required: Real AMD-GPU workload; GPU path intact.

MODE 2 Paper-metric check 1 of 2
case studies matched

After verified Mode 1 execution, compare the selected command’s metrics
against paper targets and specified tolerances.
TurboQuant: selected quantization results reproduced (case study below).
Preliminary Mode 2 evaluation; one of two cases matched.

TurboQuant: verified quantization
Automated workflow · Mode 2 · ICLR 2026

1 Identify a checkable experiment
Identify the quantization command, target
metrics and tolerances from the paper/code.

2 Prepare and run on AMD ROCm
Reconstruct the environment, run the workload,
and verify AMD-GPU execution (Mode 1).

3 Check the selected paper results
Compare measured metrics with the reported
targets and specified tolerances.

ALL SELECTED METRICS WITHIN TOLERANCE
Compression Similarity Match rate

PAPER_RESULT_REPRODUCED

Selected metrics only · Preliminary Mode 2 · Paper §§2, 3.3

https://github.com/Gaurav7888/Repo2ROCm

